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Introduction  
Community Health Needs Assessments (CHNAs) are strategic appraisals of the health 
status of communities, completed to guide prioritization of health needs and allocation of 
resources. Most often, these are undertaken by hospitals or local health departments (LHDs) 
focused on their geographic catchment area. CHNAs can be comprised of many different data 
sets, but invariably will include demographic data; social determinants of health (SDH) including 
housing, economic security, education, and safety; and major health indicators including 
mortality and disease rates. The Patient Protection and Affordable Care Act (PPACA) of 2010 
requires hospitals to perform CHNAs at a minimum of every three years to maintain tax exempt 
status, codified under section 501(r) of the federal register (Internal Revenue Service, 2014). 
LHDs are not required to complete CHNAs in order to function, but are encouraged to do so, as 
CHNA documentation is a component of optional accreditation with the Public Health 
Accreditation Board (PHAB) (Beitsch, Landrum, Turnock, & Handler, 2014). Many guidelines 
and resources exist for agencies attempting to perform a CHNA, but no standardized way that 
they must be performed.  
In Connecticut, few LHDs have undertaken CHNAs, and hospitals have done so in varied 
ways. University of Connecticut Health (UConn Health), a sovereign entity, is not required for 
tax purposes to have its own CHNA, and indeed has not undertaken one. This thesis seeks to 
understand the current state of CHNA methodology in Connecticut and to identify best practices 
in order to spur improvement in CHNA methodologies. This research may also inform the 
development of a CHNA for UConn Health’s catchment area.  
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Background: 
One of the earliest questions in need of answering when developing a CHNA plan is 
which data should be included and where those data will come from (i.e., primary or secondary 
collection). The Public Health Institute (PHI) (2012) submitted to the Centers for Disease 
Control and Prevention (CDC) a 2012 report entitled, “Best Practices for Community Health 
Needs Assessment and Implementation Strategy Development,” in which it listed types of data 
noted to be important for CHNAs:  
“Disease incidence and/or prevalence; Inpatient, emergency room, and/or outpatient 
utilization; Household income, unemployment; Home ownership/rental properties; 
Arrests, criminal activity; Proximity of healthy food sources; Proximity of basic and 
social services; Parks, recreational facilities, open space; and Access to public 
transportation (Barnett, 2012, p. 27)” 
These data are all crucial to an understanding of the health needs of a community. Despite their 
importance, there is no data to assure the extent to which each CHNA in Connecticut is 
measuring these constructs or whether they are doing so effectively.  
On a national scale, certain SDH have been identified as being under-recognized in 
CHNAs. For example, Fischer et al performed a content analysis of 77 CHNAs from US cities 
with the highest crime levels nationwide and found that less than one-third (32%) of those 
CHNAs had identified addressing community violence as a priority (Fischer et al., 2018).   
 The PHI report addressed data collection best practices and gave insight into practical 
limitations of secondary data collection. This report demonstrated that data is often not timely, 
and that CHNA researchers may be using secondary data to answer questions that are 
incongruent to the original purpose. For example, while online databases for community 
demographic and health metrics are growing and improving (examples in Connecticut include 
DataHaven and HealthScoreCT.com), research in other US states shows that, “there are still 
many communities where much of the data that are available are two to three years old and/or 
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not specific enough to communities/populations of interest to be actionable (i.e. if focus is at city 
or neighborhood or blocks levels then county level is too broad; state data is almost irrelevant 
unless addressing very discrete/small populations (Barnett, 2012, p. 28).” Using these data 
inappropriately in CHNAs threatens validity of the final results, prompting an analysis of the 
specific ways in which secondary data are used in Connecticut CHNAs. 
 One CHNA element to consider is geographic overlap among different agencies 
conducting needs assessments. The catchment of every hospital necessarily contains parts of one 
or more LHD jurisdictions. Given the requirement for hospitals to create CHNAs and the 
encouragement for LHD’s to do so, it is important to address the ways in which these efforts are 
actually implemented in discrete geographic areas. Logically, it follows that there would be 
collaboration among hospitals and LHDs in CHNA planning for overlapping areas. 
Unfortunately, this is not universally the case, leading to duplicitous and potentially conflicting 
efforts. A study that sampled over 400 LHDs across the US found that those LHDs which did 
collaborate with hospitals in the CHNA process were more likely to later work together with 
hospitals to implement improvement plans (Carlton & Singh, 2018). This collaboration is 
important for cohesive community health improvement efforts, but the degree to which it occurs 
among Connecticut agencies has remained unclear.  
 Another concept gaining traction in the public health research community is the 
importance of community voice in health improvement efforts, and of community based 
participatory research (CBPR) (Cain, Orionzi, O’Brien, & Trahan, 2017; O’Brien & Whitaker, 
2011). CBPR is a framework that includes community members in the research team, who 
contribute to the questions asked, study design, and data analysis. The underlying theory of 
CBPR is that individuals native to the community under investigation are able to provide insight 
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into problems, needs, and assets far and above what can be identified by researchers entering 
from outside agencies. Further, it is theorized that active involvement of community members in 
health improvement research cultivates a sense of efficacy and ownership that lends itself to the 
successful implementation of community improvement initiatives down the road (Knopf-
Amelung & Twilley, 2013). Ultimately, this approach is likely to be more sustainable than 
research initiatives that are less inclusive.  
One case study of a CBPR driven CHNA process by the Morehouse School of Medicine 
concluded that this methodology, “empowered community members to take on roles as 
researchers who developed locally relevant research questions, identified health disparities and 
determinants thereby establishing processes and a research agenda rooted in community needs 
(Akintobi et al., 2018, p. 6).”  However, it is not yet uniform practice to include community 
member input in the methodology of CHNAs. Indeed, a California study of a random sample of 
ten hospital CHNAs found that only four of them included any community member contributions 
in their process (Diaz, Ainsworth, & Schmidtlein, In press). A similar assessment is warranted in 
Connecticut to assure that community members are given a voice in their health improvement 
processes. 
In addition to involving community representatives in the development of a 
methodological approach for CHNA research, community involvement is also important when 
collecting qualitative data about the health status, strengths, and needs of a community. The most 
common methods for incorporation of community input include key informant interviews, focus 
groups, and community forums. When including key informant interviews, a methodology must 
be developed to decide what kind of key informants will be contacted to participate. Key 
informants can be gathered from many types of organizations including governmental agencies, 
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human services organizations, healthcare organizations, religious groups, non-profits, and others 
(Hartford Department of Health and Human Services, 2012). Of healthcare organizations, both 
general (for example hospital administrators) and specific (for example, patients in a given 
treatment program) may be considered for inclusion. A content analysis of CHNAs in Texas in 
2017 revealed that while it was common for CHNAs to include certain community stakeholders 
in certain aspects of the CHNA, it was rare to see a broad range of community 
stakeholders/members participating meaningfully throughout the CHNA process. Pennel et al 
identified opportunities for shared decision making at all stages of the CHNA process, including, 
“defining the assessment and planning model or approach; identifying community health needs 
and resources (including data resources); identifying other community partners; interpreting data; 
identifying and prioritizing health needs; selecting strategies to address priorities; developing, 
implementing, and evaluating strategies; and identifying appropriate outcomes and definitions of 
success” (Pennel, McLeroy, Burdine, Matarrita-Cascante, & Wang, 2017, p. 118). 
Community forums are another way to get valuable data from community laypersons. A 
challenge of forums is how to encourage widespread participation. One study aimed at 
understanding how to engage underserved populations in needs assessments noted that, for them, 
an important part of the process was via “connecting with local leaders who could serve as 
ambassadors to encourage the involvement of community residents” (Lightfoot, De Marco, 
Dendas, Jackson, & Meehan, 2014, p. 14). They underscored the importance of selecting leaders 
who had previously demonstrated sensitivity and understanding for their particular community’s 
ingrained culture. The identified local leaders were then provided grant money to support the 
organization of forums, and advertisement was done through a wide variety of media including 
“church bulletins and pulpit announcements, flyers, canvassing of neighborhoods, and publicity 
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for the forums via social media (Facebook and Twitter), newspapers, websites, and listservs” 
(Lightfoot et al., 2014, p. 14).  These efforts resulted in forums whose membership consisted of 
between 50 – 90% community residents – a significant representation.  
 Health equity is a major construct that needs to be measured and addressed for any 
CHNA to be meaningful and consistent with the mission of public health. There are both moral 
and economic justifications for increased focus on improving health equity. Social justice is a 
basic tenant of the field of public health, making it imperative that we strive to eliminate health 
disparities (American Public Health Association, 2018). The Joint Center for Political and 
Economic Studies found that health inequality, when considering direct and indirect costs as well 
as premature death in aggregate, cost the United States $1.24 trillion over a period of 3 years 
(LaVeist, Gaskin, & Richard, 2009).  
 Despite the obvious importance of addressing health equity, not all CHNAs focus on this 
construct. A content analysis of 179 hospital CHNAs in the US showed that only 65% included 
any explicit health equity terms, and of resultant implementation strategies, only 9% proposed 
any specific activities or interventions to address health equity (Carroll-Scott, Henson, Kolker, & 
Purtle, 2017). This finding suggests that more can be done to standardize approaches to issues of 
health equity in CHNAs. A similar content analysis was conducted with Connecticut CHNAs to 
assure that all agencies are thoughtfully and systematically addressing this pressing issue. One 
possible way to address health equity in Connecticut CHNAs is to use the Health Equity Index 
(HEI) developed by the Connecticut Association of Directors of Health and the Health Equity 
Alliance as a quantitative data tool (Kertanis, Mierzwa, Murray, Zlateva, & Funaiole, 2010). The 
HEI contains a list of determinants, each of which is comprised of several indicator measures 
that have been collected broadly statewide. Benchmarks are based on a median value for those 
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indicators at the state level.  Based on the benchmark value, cities, towns, and neighborhoods are 
assigned scores for each indicator. Based on indicator scores, those cities, towns, and 
neighborhoods are then assigned an equity index score for each broader determinant of health 
(Connecticut Association of Directors of Health, 2012). The proportion of CHNAs in 
Connecticut which utilize this valuable tool has thus far been unknown.  
 In the same vein of addressing health equity, it should be noted that a key aim of CHNAs 
should be to gather data on the health status of vulnerable populations within the hospital 
catchment area for the purpose of creating health improvement plans that benefit these 
populations.  Part V, Section B, Line 3f of form 990 containing the IRS requirements for tax 
exemption specifies that the CHNA report should describe “primary and chronic disease needs 
and other health issues of uninsured persons, low-income persons, and minority groups” 
(Department of the Treasury & Internal Revenue Service, 2019). However, further specifics 
about how to address those in the document are not defined. It is unknown to what degree the 
Connecticut CHNAs address vulnerable populations.  
 A final area of consideration when evaluating CHNAs is their ideological approach. An 
asset-based approach is now preferable, in which the richness and strengths of communities are 
identified and included in the assessment of community needs. This method is in contrast to the 
traditional deficit-based approach in which only shortfalls within the community are addressed in 
depth. A Needs Assessment Toolkit was created for Health Care for the Homeless Grantees 
(Knopf-Amelung & Twilley, 2013) in order to help beneficiaries complete the required needs 
assessments effectively. They described how deficit-based approaches usually attempt to fix 
problems using outside assistance, and instead they recommended using an approach that 
recognizes that community capacities and resilience are often greater than expected, and 
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encourages the community to ‘look within’ for solutions (Knopf-Amelung & Twilley, 2013). 
Ultimately, this is more likely to create effective and sustainable interventions to improve health 
of communities. This thesis attempts to identify the proportion of CHNAs in Connecticut that 
take an asset-based approach, despite being somewhat of a subjective assessment.  
 It is apparent that there are many facets of Connecticut’s CHNA landscape that are 
unclear. Public health efforts can benefit from an analysis of the methodologies used by 
Connecticut’s CHNAs, including the types of data collected, level of collaboration between 
agencies, degree of consideration of health equity, degree that vulnerable populations are 
addressed, level of community involvement in the process, and ideological treatment of 
community assets. The framework for this study is based in understanding the problem of 
suboptimal CHNA methodology and searching for factors that can be altered. 
Under the Theory of Planned Behavior and Theory of Reasoned Action, agencies cannot 
be expected to improve their CHNA processes if they do not have the information to do so.  
They require the necessary information on where they stand compared to others and what best 
practices are available to address community health challenges. This study bridges the 
knowledge gap and helps empower methodological improvements (see Logic Model in methods 
section). This study also focuses heavily on assessing the adequacy of community involvement 
in existing CHNAs, which is a reflection of the values espoused in the Community Organization 
Participatory/CBPR Theoretical Models described by Glanz & Rimer (2005).   
Methods 
Overview:  
To address the research questions above regarding the characteristics of CHNAs in 
Connecticut, a content analysis of existing CHNAs was performed. Acute care hospital (ACH) 
CHNAs are public documents compiled online. Pdf documents can be accessed on the 
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community benefits pages of the respective hospital websites, and the CHNA documents 
analyzed in this thesis are included in the references section.  
Logic Model: See Appendices A and B. 
 Appendix A gives a logic model for the ways in which this thesis’ evaluation of 
Connecticut’s CHNAs might lead to an improvement in hospitals’ CHNA methodologies across 
the state.  Appendix B gives a logic model for the greater context in which high-quality CHNAs 
can lead to improved health outcomes for communities.  
Units of Analysis & Sampling:   
Because hospital conducted CHNAs are required for tax-exemption, and because not all 
local health departments (LHDs) have completed CHNAs, the most effective way to capture 
CHNA data that covers the population of Connecticut at this time is to limit the analysis for this 
report to CHNAs of acute care hospitals (ACHs). There are 27 ACHs in Connecticut that are 
currently registered with the Connecticut Hospital Association, one of which is UConn Health 
(Connecticut Hospital Association, 2020).  Because UConn Health does not have a CHNA, 
CHNAs for the 26 ACHs were acquired through web search and used for the analysis.  A similar 
study of existing LHD CHNAs could be completed as a future study, and comparisons could 
then be drawn between LHD and ACH CHNA characteristics. Because the code of federal 
regulations only requires CHNAs to be performed at intervals of three years in order to maintain 
tax-exempt status, year of most recent report varies by hospital.  For the purpose of this study, 
only the most recent published CHNA completed by each hospital was included for analysis, 
regardless of whether that year differed among CHNAs analyzed. Each CHNA contains a 
description of the service areas for the publishing ACH, and these service areas were 
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superimposed on a map of Connecticut and analyzed by zip code in order to determine whether 
each zip code in Connecticut is represented by an existing hospital CHNA.  
Connecticut is a small state, and therefore offers the unique opportunity to have a census 
of all CHNAs in existence for the 26 ACHs (excluding UConn Health) in order to get a 
comprehensive understanding of the variance in methodologies. This is in contrast to some of the 
content analysis studies from other states referenced in the above literature search, in which 
either a random or a non-random sampling strategy was employed to choose a subset of CHNAs 
in large states like Texas and California. With a small n overall, partial sampling of Connecticut 
CHNAs is subject to sampling bias and thus analysis of all available CHNAs was deemed more 
appropriate.  
Data Collection: 
A matrix of data was created using the statistical software package, SPSS, to catalogue 
the variables of interest. Basic hospital information for each CHNA was documented in the 
spreadsheet, including: Size (based on number of beds); Population served (adult, pediatric, 
both); Participation in health systems (Hartford Healthcare, Trinity Health of New England, Yale 
New Haven Health, Nuvance, ECHN, or none); Service population type (rural, urban, suburban); 
Faith status (faith based or not); and Accountable Care Organization (ACO) status (belonging to 
an ACO or not at the time of CHNA development) (Carroll-Scott et al., 2017).  
Methods sections were analyzed for the types of secondary data used. This is a 
categorical variable documented by yes/no for data types that were chosen (e.g. ‘food security,’ 
‘crime,’ etc.).  Notes sections allowed for quotations or other information to be copied down 
about the specifics of these datasets. Methods sections were also analyzed to determine whether 
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any of the hospitals collaborated with local health departments in the formulation of the CHNA 
(a binary yes collaboration or no collaboration).  
Further content analysis was completed via the combined methodologies of: 1) keyword 
search within pdf documents in order to determine the presence or absence of key concepts of 
interest, and 2) critical reading of pertinent portions of the CHNA reports paired with qualitative 
coding.   
A keyword search was utilized in the following way. In addition to free reading of the 
documents, treatment of vulnerable populations was identified by keyword search in each 
CHNA. Vulnerable populations included were veterans, the unhoused or housing insecure, 
LGBTQ+ people, elders, children, immigrants, refugees, undocumented people, and 
linguistically isolated people. Once passages addressing these populations were identified via 
keyword search, this was documented as ‘addressed yes/no’ with a notes section regarding how 
this was done.   
For content analysis of the variable “health equity,” methods were modeled after the 
Carroll-Scott et al. (2017) approach. Health equity within Connecticut CHNAs was 
operationalized as the presence or absence of explicit or implicit health equity terms resulting in 
two binary variables: yes or no explicit terms, and yes or no implicit terms. Explicit terms 
include “equity,” “health equity,” “inequity,” and “health inequity.” Implicit terms include, 
“disparities,” “health disparities,” “disadvantage,” “low income,” “poor,” “minorities,” “ethnic,” 
“race,” “disenfranchised,” “vulnerable,” “social determinants of health,” “structural,” “equal,” 
“inequalities,” and “underserved” (Carroll-Scott et al., 2017). Notes were included about the 
varied ways in which these documents used health equity language. Additionally, the proportion 
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of CHNAs that used a validated health equity measure, like the Health Equity Index (HEI), was 
assessed as yes utilized or not utilized.   
Qualitative coding was employed for variables of interest that were more difficult to 
operationalize. For each CHNA document, the methodology section was critically read in full, 
and passages relevant to the research questions regarding community participation and asset-
based treatment of the communities in question were highlighted and documented in the SPSS 
spreadsheet.  
Characteristics of methodology sections were operationalized by a qualitative coding 
technique around methods of interest. Robustness of Community Participation, and Degree of 
Asset Based Approach, were operationalized through structured analysis of the methodology 
sections of each CHNA. Using the integrative approach to qualitative coding described in Dr. 
Leslie Curry’s video (Curry, 2015), a sample of three hospital CHNA methodology sections 
selected by a random number generator was initially freely read in depth, and methodological 
practices around community involvement or lack thereof, asset and strength language, and 
prioritization of health needs were identified and used to create an initial set of qualitative codes. 
These codes were then used to code six more CHNAs, refined for appropriateness, and then a 
final code structure was applied to the rest of the CHNA methodologies. The resultant qualitative 
codes with their relevant subcodes are listed in Appendix C.  
Percentages of CHNAs that include concepts of interest were calculated using the SPSS 
datasheet, including rates of inclusion of important secondary data, the proportion of Connecticut 
hospital CHNAs that include an explicit or implicit health equity term, and the proportion that 
utilize a participatory research approach, or use asset-based language as set forth in the 
qualitative codes in Appendix C. 
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Results 
Documents Analyzed 
A total of 23 documents were analyzed which encompass all 26 ACHs. Eighteen ACHs 
had individually produced CHNAs.  Of those 18, two were described as ‘special sections’ of 
their county’s DataHaven Community Wellbeing Index (CWI) (Abraham, 2018b). Three pairs of 
ACHs produced joint CHNAs due to geographic proximity within the pair. Of these three, one 
was a special section of a CWI. Two ACHs had not yet released the special section of their CWI 
as a discrete CHNA at the time of analysis, so the most recent CHNAs from 2016 was 
incorporated into the analysis instead. (Figure 1).  
 
Zip Code Analysis 
When the services areas of each CHNA were analyzed, it was identified that the vast 
majority but not all zip codes in Connecticut were included in the service area of one or more 
CHNA. The zip codes that were not claimed included 06021 (Colebrook, CT), 06065 (Riverton, 
 
 
Individual 2018/19 CHNAs 
  
Joint 2018/19 CHNAs 2016 CHNAs 
CWI 
CWI CWI 
Figure 1 
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CT), 06091 (West Hartland, CT), 06027 (East Hartland, CT), 06059 (North Canton, CT), 06782 
(Plymouth, CT) and 06264 (Scotland, CT).  
 
Quantitative Data Usage 
 Connecticut’s CHNA documents were not uniformly comprehensive in measuring the 
basic components of a CHNA as defined by Barnett (2012). In total, 22 of 23 (96%) of CHNA 
documents measured disease burden in the community in some way. Twelve (52%) utilized the 
DataHaven 2018 Community Wellbeing Survey (CWS) data on patient reported disease 
outcomes, which were measured on the survey by asking if the respondent had ever been told by 
a doctor or medical professional that they have the condition in question (Abraham, 2018a). Of 
the 11 CHNAs that did not utilize the CWS to report disease burden, six gave data on disease 
prevalence for their service area taken from the American Community Survey/Community 
Figure 2 
Figure 2: 
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Commons.  Eleven (48%) utilized CHIME data to graph hospital encounter rates for their service 
area, and often for their individual towns, compared to state levels. Twelve (52%) reported out 
mortality or years of potential life lost statistics by disease for their service area. Only one 
CHNA did not measure disease burden by either prevalence, hospital encounter rate, or 
mortality.  That CHNA reported out only raw number of patients followed by their 
hospital/outpatient services by disease.  
 With regard to inpatient utilization metrics, only three of 23 (13%) CHNAs reported out 
data on preventable hospital visits. Fifteen (65%) documents measured the primary care 
atmosphere in some way, either by percentage of respondents with no PCP, or by demonstrating 
PCP clinical provider ratios. Eight (35%) of the documents listed the proportion of surveyed 
residents in the service area who report not have a primary care provider or medical home. Seven 
(30%) gave clinical provider ratios (rate of PCPs per populations). Of those seven, six of them 
also provided a graphic showing the geographic HPSA PCP shortage areas within the service 
area. Only six (26%) use data to address high ED users in their service area by measuring the 
percent of respondents who had utilized the emergency room and on how many occurrences in 
the past 12 months.  Of those, three documents measured this construct very robustly by then 
mapping other health risk factors onto those high utilizers (for example, showing the proportion 
of high utilizers who are transportation insecure, food insecure, no health insurance etc). These 
measures then allowed for the reporting of a relative risk ratio that a person might be an ED high 
utilizer based on their risk factor.  
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 With regard to measurement of the basic social determinants of health, there was also a 
mixed degree to which CHNAs addressed these constructs. Thirty percent reported using the 
Association for Community Health Improvement’s (ACHI) framework to approach their CHNA 
process (Fig 4).  
(Association for Community Health Improvement, 2017) 
13%
35%
30% 26%
13%
0%
50%
100%
Preventable
Hosp.
No
Medical
Home
PCP Ratios >3 ED
Visits / Yr
RRR ED
High Util.
Figure 3: 
Healthcare Utilization
Figure 4: 
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All CHNA documents measured income for their service area in some way.  However, 
there were varying degrees of robustness in the way financial security was addressed as a social 
determinant of health. Two CHNAs (9%), representing three hospitals, did a poor job of 
reporting out income data at the appropriate level, listing only one town in their service area or 
reporting median income at the county level. Sixteen (70%) provided median household income 
on the more granular town level. The majority of those either drew their income data from the 
Neilson company or from DataHaven’s CWS. Twenty (87%) also presented the data as a 
measure of poverty level, and 14 (61%) also provided child poverty rates. Six documents (26%) 
used the United Way’s Asset Limited, Income Constrained, Employed (ALICE) measurements 
to provide a better understanding of the financial status of their service area. Five (22%) 
measured wage growth or stagnation over time across different towns in the service area. Twenty  
documents (87%) measured unemployment rates. 
 
 Sixteen documents (70%) measure homeownership rates, and ten (43%) measured the 
proportion of households that are cost burdened or severely cost burdened. With regard to 
housing, 12 documents (52%) measured some aspect of the housing environment quantitatively. 
100%
87%
61%
26% 22%
0%
50%
100%
Income Poverty Child
Poverty
ALICE Wage
Change
Figure 5:
Financial Security 
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Two (9%) did so by measuring perceived affordability, drawn from the DataHaven CWS. Six 
(26%) measured the proportion of residents suffering from “severe housing problems” at the 
county level. One (4%) provided a housing insecurity rate. Finally, two (9%) documents 
provided a point-in-time homelessness count.  
 
 Seventeen (74%) measured violence by some metric. Of these, six documents (26%) did 
so by utilizing responses to DataHaven’s survey question “Do you feel safe walking in your 
neighborhood at night. (Abraham, 2018a)” Twenty documents (87%) reported food security, 
doing so with varied measures including food insecurity rate, food hardship rate, county level 
food environment index, perceived availability of fruits and vegetables, and with maps outlining 
geographies deemed to be food deserts. Access to transportation was measured in some way in 
14 documents (61%). The most common method, used in nine documents (39%), was to utilize 
the DataHaven CWS transportation insecurity measurement (“In the past 12 months, did you stay 
home when you needed or wanted to go someplace because you had no access to reliable 
transportation?” (Abraham, 2018a)). Other DataHaven measures included were the proportion of 
70%
43%
9%
26%
4% 9%
0%
50%
100%
Figure 6:
Housing Environment
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respondents who have access to a car (six documents, 26%); proportion of respondents who 
missed a medical appointment due to unreliable transportation (five documents, 22%); pie chart 
of respondents primary means of transportation (three documents, 13%); and proportion of 
transportation insecure respondents who utilize public transit (two documents, 9%). One CHNA 
(4%) included a low vehicle access census tract map, alongside a similar census tract map 
regarding food insecurity in order to illustrate the effect of transportation insecurity on residents 
living in food deserts.  
 Thirteen documents (57%) measured the quality and availability of parks, recreation 
facilities, and/or green spaces. The most common way this was done (nine documents; 39%) was 
utilizing the responses to the DataHaven CWS question about perceived condition of local parks 
and other public recreational facilities. Other measures utilized included DataHaven survey 
questions regarding the availability of safe places to bicycle, and agreement with the statement 
that there are several free or low cost recreational facilities such as parks, playgrounds, public 
pools, etc.  
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Quantitative Data Level Problems: 
Analysis revealed evidence that some CHNAs were using quantitative data to inform 
their reports in ways that were not as effective as they could be. In several of the CHNAs, there 
were instances of quantitative data use that was at a level not best suited to inform health 
interventions in the hospital service area. The most commonly encountered instance of this was 
utilization of county level data. The documents produced by health system #1, which employed 
Percival consultants to produce each of their six documents (26%) in a very similar fashion, 
utilized county level data to measure the following constructs: clinical provider ratios, child 
poverty, unemployment, severe housing problems, crime rates, food environment index, 
uninsured population, air pollution, teen birth rate, self-reported health and mental health status, 
and several measures of disease incidence/prevalence.  
Collaboration with Health Departments and Health Districts 
 Within the methodologies, slightly more than half of CHNA documents (12; 52%) 
explicitly identified local health departments/districts as planning partners or members of the 
CHNA advisory committee. Ten (43%) did not do so explicitly, but did list representatives from 
health departments/districts as key informants or other means of qualitative data streams. Only 
one CHNA did not describe any collaboration with health departments/districts in the CHNA 
process.  
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Health Equity 
 Based on the methods described by Carroll-Scott, presence of health equity language was 
analyzed in each document. A total of 16 (70%) documents utilized explicit health equity 
language. All documents utilized implicit health equity language. None of the documents utilized 
the Health Equity Index tool. The DataHaven Community Wellbeing Indices for each county are 
very robust in their treatment of equity, each with multiple sections dedicated to descriptions of 
income inequality and its effect on health, wealth gaps, housing discrimination/redlining, birth 
outcome disparities, respondent experiences of discrimination, and many other equity-related 
topics. These indices were included in three (13%) of the CHNA documents as appended 
sections, contributing to the health equity frame of the documents as a whole. A fourth document 
did not append the CWI but drew on it heavily and included its own extensive section dedicated 
to Health Equity.  This section defined health equity, provided an illustration, and explicitly 
discussed a stepwise approach to working toward it, drawing on the National Academies of 
Sciences, Engineering, and Medicine’s (NASEM) report entitled, Communities in Action: 
Pathways to Health Equity and the Robert Wood Johnson Foundation’s report entitled What Is 
Health Equity? And What Difference Does a Definition Make? After describing the stepwise 
approach, the CHNA then went on to give two in-depth examples of, “strong and meaningful 
local health equity work 
(National Academies of 
Sciences Engineering and 
Medicine, 2017; Rees, 2019, 
p. 67).”   
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Vulnerable Populations 
Certain vulnerable populations were addressed more comprehensively and more 
universally across CHNAs, while others were severely under-addressed.  In general, vulnerable 
populations that comprise a greater proportion of the total population are treated with more in-
depth data collection and analysis in the CHNAs.  These include children and the elderly, both of 
which are large shares of the population for any hospital service area. At least one facet of child 
health needs was discussed/measured in the majority of documents (91%). For elders, the 
proportion was also 91%. As population size of the vulnerable group in question dwindles, 
however, attention to the measurement and analysis of factors affecting them becomes less 
robust.  Veterans are a group that were poorly represented in the CHNAs, with veterans’ health 
status/needs mentioned in any way in only 30% of CHNA documents. Of those, only one 
document (4%) collected any quantitative measurements on veterans. This document contained a 
section of the CHNA entitled veteran status and measured the total population of veterans in the 
county and the city at the seat of the county where the hospital is located, as well as the numbers 
of veterans in each town in the service area. Only one document (4%) specified that they 
dedicated a focus group to measuring the health concerns of veterans qualitatively.  
The LGBTQ+ community is another vulnerable group that was severely under-addressed 
in Connecticut’s CHNAs. The LGBTQ+ community was only mentioned in any way in six 
(26%) documents. Of these, three were the documents that appended their region’s CWI. These 
three measured the proportion of adults in the specific region who identified as not being 
straight, and those who identified as transgender. Thy also reported out statistics from the 
statewide CWS results that described the proportion of trans respondents who agreed that their 
PCP can provide them with trans-inclusive services, and the proportion who reported forgoing 
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medical care due to fear or harassment or mistreatment. Apart from the documents with 
appended CWIs, one document measured perceived access to LGBTQ+ services on the Key 
Informant Survey using a Likert scale.  This document also stood out in that it dedicated an 
extensive section to describe existing community resources for LGBTQ+ individuals, with 
inclusion of resources specific to the transgender community. Only one document specified the 
inclusion of representatives from an LGBTQ+ group, OUT CT, in their planning task force 
assuring a voice throughout the CHNA process. That document also included representation 
from OUT CT in the prioritization sessions and in the action teams created around priority 
issues.  
Connecticut residents with disabilities are another group who were poorly represented in 
the CHNAs.  Individuals with disabilities were only mentioned in any way in 12 (52%) of the 
documents. Of those, four (17%) only briefly listed disability services in their resources section. 
One had a very extensive disability services resources section, and also measured the proportion 
of key informants who responded that the mentally disabled are a top population who have 
significant barriers to receiving health and well-being services. Three CHNA documents (13%) 
discussed qualitative comments about disability issues that were brought up by key informants or 
in community conversations. Two documents (9%) measured the response to the DataHaven 
CWS question, “Does any disability, handicap, or chronic disease keep you from participating 
fully in work, school, housework, or other activities? (Abraham, 2018a).” One document (4%) 
measured the disability rate among individuals under 65 in the city in which the hospital was 
located. The most robust inclusion of the needs of individuals with disabilities was demonstrated 
by one CHNA (4%), which included a developmental disability advocacy group in the 
prioritization process. The same document also measured the proportion of individuals in the 
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hospital’s region who, among those who felt they have been treated unfairly by the police, 
thought that the primary reason for the mistreatment was due to their disability.   
Immigrants, refugees, and the undocumented were other populations who were not 
adequately addressed in Connecticut CHNAs. Fifteen documents (65%) mentioned one of these 
groups in some fashion. In five documents (22%) these topics were not explicitly measured but 
were brought up by key informants or focus group participants and those comments were 
subsequently included in the report. Only eight documents (35%) include specific measurements 
of immigrants, refugees, migrant workers and/or undocumented individuals in their 
methodologies (either quantitative measurements of these populations or specific inclusion of 
survey questions/focus groups regarding these populations). Only one document (4%) dedicated 
a focus group to assessing the needs of immigrants.  
 
Quality of Community Participation 
Quality of community participation was assessed by an in-depth reading of the methods 
sections of each CHNA report. Five documents (22%) explicitly stated that their work was 
guided by a participatory approach. Based on qualitative coding, the most robust CHNAs 
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incorporated community input in multiple ways: by including community members in the 
planning stages, by gathering qualitative data from community members, and by incorporating 
community members into the prioritization process. Less than half (48%) of documents were 
able to achieve community involvement at all three of these levels.  A common theme among the 
documents that achieved all three of these inclusion methods was to create a task force or 
alliance tasked with the planning and execution of the CHNA, and to assure a broad range of 
community stakeholders was on that team from the outset of the process. Fifty-two percent of 
documents had a task force or planning committee of this nature. 
The most common method of community inclusion across all CHNAs was to collect 
some form of qualitative data from community members, which was done in 96% of CHNAs. 
The proportion of CHNAs which specified that they included community members or 
community organizations in the prioritization process was 61%.   
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Ideological Treatment of Community Assets  
Though subjective, it was assessed to what degree documents were taking an asset-based 
versus a deficit-based approach to the communities they were assessing. Eight documents (35%) 
included some form of dedicated paragraph or section for addressing community strengths. The 
proportion of documents that set forth identifying community strengths and/or assets as a key 
goal of the CHNA was only 9%.  The proportion which used strength or asset language in the 
introduction or executive summary was 43%. The proportion which explicitly specified inclusion 
of questions in a key informant survey asking the respondent’s perception of the strengths and 
assets of the community was only 13%. The proportion that did so in focus groups was only 
26%. Four documents (17%) included DataHaven’s Neighborhood Asset Index score for their 
area. Two documents (9%) had especially robust community resource sections which were 
extensive and parsed by type of need in order to aid in searchability. Ten documents (43%) 
fulfilled none of the above reported categories of strength or asset language/methodology.  
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Discussion  
 Zip code analysis was completed and revealed gaps in coverage. It is important for all 
geographies in Connecticut to be covered by a CHNA. The zip codes that were excluded from 
any CHNA have low populations and are a small total percentage of the population of the state, 
but should nonetheless be included in the service area of one or more hospital for future CHNA 
cycles. It would be appropriate for Charlotte Hungerford and/or Hartford Hospital /St Francis to 
adopt the zip codes 06021, 06065, 06091, 06027, and 06059 into their service area in future 
cycles, as these residents would be geographically (Fig 2) most likely to visit the former hospital 
for secondary care and one of the latter for tertiary care if visiting a hospital within the state of 
Connecticut. Similarly, it would be most appropriate for Plymouth to be absorbed into the 
service area of Saint Mary’s / Waterbury Hospital (secondary care) or Hartford Hospital/Saint 
Francis (tertiary care), and for Scotland to be absorbed into the service area of Windham 
Hospital / Backus Hospital (secondary care) or Hartford Hospital/St. Francis (tertiary care).  
Quantitative data usage across all CHNAs was analyzed and revealed widespread 
opportunities for improvement. It is concerning that all of Connecticut hospitals do not 
comprehensively address the basic components of a CHNA. Of the types of data used across all 
CHNAs analyzed, the DataHaven CWS data appears to be the most comprehensive and robust 
data set for measuring the basic components of a CHNA and is able to do so with a granularity 
that is often not available in other data sets. Given that 39% of documents do not utilize the 
DataHaven CWS data at all, and that all of these have one or more deficits in core CHNA 
measures, it is recommended that all hospitals consider requesting the DataHaven crosstabs, 
and/or requesting increased sampling in their catchment area, and then utilize those data for the 
next CHNA development cycle. This will help to assure that CHNA teams are measuring all the 
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key concepts important to a needs assessment. Given the finite capacity of DataHaven to do this 
important work, this also spurs a recommendation that stakeholders attempt to initiate, continue, 
and/or increase funding for the DataHaven Community Wellbeing Survey. 
Disease burden: It was identified that the two main methods utilized to assess disease 
burden in the population of interest were measuring patient self-report of diagnosis of surveys 
and utilizing hospital encounter data by diagnosis. There are benefits and limitations to both of 
these.  Patient self-report relies on the patient to know their diagnoses, and may exclude those 
who are not able to relay that information. Hospital encounter data will primarily capture those 
patients who do require hospital care for their condition, excluding others who have not come to 
seek secondary care. Larger healthcare systems can also draw from their electronic records to 
document ambulatory diagnoses and services, which supplements this form of data reporting. 
While either of these methods can be considered adequate for a CHNA, it may be more 
appropriate to utilize the robust database of disease self-report information in DataHaven’s 
CWS. This is because a chief aim of CHNAs it to promote prevention, and assessing the 
population after their condition has escalated to require secondary care may be less aligned with 
that goal.  
Measurement of healthcare utilization is an important component in understanding the 
needs of the community, but is not measured uniformly in Connecticut CHNAs.  Only three 
documents measured preventable hospital stays, which are an important metric in elucidating 
places where the healthcare system is inadequate to avert preventable hospitalizations. This 
measure is available through both County Health Rankings and Roadmaps at the county level, as 
well as in a more granular fashion in DataHaven’s analysis of CHIME data.  It is recommended 
that hospitals take advantage of this valuable dataset in future planning cycles.  
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Outpatient utilization is a difficult to measure but critical metric when assessing the 
community’s ability to access the healthcare environment, and should be included in CHNAs as 
a component of a prevention-focused effort. Analysis revealed that outpatient utilization was not 
routinely measured in CHNAs, but when it was, the most common methods were to assess 
clinical provider ratios by geography or to assess resident self-report about whether they have a 
PCP/medical home.  Both of these are valuable metrics and can be considered beneficial for 
inclusion in a CHNA.  Clinical provider ratios give an idea of need from a supply and demand 
perspective, while self-report may capture other socioeconomic factors that may prevent 
someone from establishing a medical home, apart from pure provider availability. Another 
benefit of the DataHaven self-report data is that it is available at more granular levels than the 
county-level clinical provider ratios that are often given in the analyzed CHNAs. It is 
recommended that all CHNAs utilize one or both of these measures in future planning cycles.  
Emergency department utilization is another underutilized but highly useful metric to 
assess in CHNAs. Residents with difficulty accessing or affording health care early in the disease 
process experience progression in preventable diseases and often seek care in the emergency 
department, making it a powerful measurement of the healthcare environment. While several 
documents identified top ED diagnoses, this is more indicative of disease burden than of 
utilization patterns and is likely inadequate on its own. Analysis revealed that only 26% of 
documents attempted to measure high-utilizers, and did so through the DataHaven self-report 
question, “In the past 12 months, how many times did you receive care in a hospital emergency 
room? (Abraham, 2018a).”  The dataset also has the ability to segregate ED high-utilizers by risk 
factor in order to help assess the most beneficial risk factor targets for CHIPs. It is recommended 
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that all hospitals take advantage of this dataset to assess ED high-utilizers and their risk factors in 
future planning cycles.  
With regard to analyzing the financial environment within the service area, it was 
identified that 26% of documents utilized ALICE data in addition to median income, poverty, or 
other measures in order to further elucidate the financial lived experience of residents in the 
service area. DataHaven’s CWI, which includes this metric gives a succinct description:  
“The ALICE Project (Asset Limited, Income Constrained, Employed), a 
United Way initiative spanning a number of states including Connecticut, utilizes 
a “household survival budget” based on the actual costs of basic necessities such as 
housing, childcare, food, transportation, and healthcare for different types of 
households in each county in Connecticut to establish an ALICE income threshold 
which encompasses households above the poverty line that earn less than the basic 
cost of living (Healthier Greater New Haven Partnership & DataHaven, 2019, p. 
43).” 
 
The 2020 federal poverty level for one person is a mere $12,760, and for a family of four is 
$26,200 (U.S. Department of Health & Human Services Office of the Assistant Secretary for 
Planning and Evaluation, 2020). This is not an accurate measure of the income needed to provide 
for basic necessities given the high costs of housing, food, and medical and other expenses that 
families face. Because of this, ALICE is a useful measure to get an idea of the total proportion of 
the population that is struggling to get by financially.  For the above reasons, it is recommended 
that all hospitals attempt to incorporate ALICE data in future CHNAs.  
 In a similar vein, the methods by which housing status is measured by each hospital in 
the next CHNA cycle should be carefully considered. Homeownership rates are an important 
measure because they represent a powerful piece of the health equity story, but were not 
measured in all CHNAs.  Homeownership is a key way to accrue wealth in America, and areas 
with lower homeownership rates and more renters are often subject to other socioeconomic 
disadvantages that make achieving good health more difficult (T. P. Boehm & Schlottmann, 
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2004; Mehdipanah et al., 2017). Further, several documents assessed proportions of the 
populations experiencing housing cost burden or severe cost burden. This is a useful metric 
because families spending greater than one-third or even half their income on housing will have 
little remaining resources for healthy food, medical expenses, and other health-promoting 
expenses. It is recommended that both homeownership rates and rates of housing cost burden are 
measured in all CHNAs in future planning cycles.  
 Certain CHNAs also measured other facets of the housing environment, including 
perceived affordability of housing in the resident’s area, rates of severe housing problems, 
usually presented by county, housing insecurity rates, and point-in-time homelessness counts.  
Measuring the rates of severe housing problems is a robust tool when considering the ways that 
our individual homes may affect our health, and has particular import for adult and childhood 
asthma, lead exposure, and other health conditions that are influenced by our immediate home 
environment. Housing insecurity and/or point-in-time homeless counts are also very valuable in 
assessing the unhoused, and will be addressed in further detail when discussing CHNA treatment 
of vulnerable populations below.  
 Community violence is an important social determinant of health, but was not uniformly 
measured in Connecticut CHNAs. The most common methods of measurement identified 
included measuring crime rates, which in the analyzed documents were usually presented at the 
county rather than municipal level, and measuring perceived safety by level of agreement with 
the DataHaven self-report question, “I do not feel safe to go on walks in my neighborhood at 
night (Abraham, 2018a).” While both of these types of metrics are useful, the DataHaven set 
again has the ability to provide more granular information on this topic by geography, gender, 
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age, race, and education level, and may provide a richer understanding of the distribution and 
effects of violence within the community in question.   
The ability to access, prepare, and consume healthy foods is critical to achieving good 
health, and inability to do so contributes to major causes of mortality including obesity, diabetes, 
hypertension and cardiovascular disease. Despite its importance, not all Connecticut CHNAs 
measured the food environment in their reports.  Analysis revealed that 91% of CHNAs reported 
this construct, and did so in varied ways. Self-reported food insecurity / food hardship rates are 
useful tools and can be accessed from multiple sources including the DataHaven CWS, which 
also provides data on perceived availability of fruits and vegetables, another important lens with 
which to view this important determinant. Geographic food environment assessment is another 
useful metric, and was reported out in CHNAs by county-level food environment index from 
CHRR in several documents, as well as with census tract maps outlining geographies deemed to 
be food deserts.  One document included a census tract map from the United States Department 
of Agriculture (USDA), which highlighted “Tracts in which more than 100 households have no 
access to a vehicle and are more than 1/2 mile from the nearest supermarket (Greater Waterbury 
Health Partnership, 2019).”  This method is excellent, as it gives granular information on the 
overlap of two important determinants and the ways in which they co-mingle to make 
consumption of healthy food more difficult. Finally, it is notable that none of the CHNAs 
utilized a valuable data source for the food environment, The Zwick Center food security index. 
This report ranks all 169 towns in Connecticut based on their food security, and is updated 
intermittently, with the most recent update published in January of 2019 (R. Boehm, Martin, 
Foster, & Lopez, 2019). This would be a valuable addition in future CHNAs. 
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As alluded to in the discussion of the food environment, transportation is an important 
determinant of health and affects resident’s ability to find and keep suitable employment, shop 
for healthy food, get to medical appointments, and partake in community culture and other 
enrichment activities. The analysis revealed that not all CHNAs measured this construct and that 
those that did approached it in varied ways. Of the methods identified, rates of transportation 
insecurity, car access, and proportion of individuals who missed a medical appointment due to 
inadequate transportation are all valuable measures and at least one of these should be included 
in all CHNAs in future planning cycles. It is also useful to include low vehicle access census 
tract maps as described above for better visualization of the transportation environment.  
Finally, access to open/green space, parks, and recreational facilities is another 
determinant that is highly influential for good health but was often not addressed by the CHNAs. 
It is recommended that hospitals take advantage of the robust dataset on this topic that 
DataHaven has collected on this topic, and should include one or more of the many measures 
available (condition of local parks, access to several free/low cost recreational facilities, access 
to safe places to bicycle).  
Quantitative data use at levels not ideal to the construct being measured - typically local 
data is preferred to county or state level - is a known problem in the world of CHNA 
development due to the practical problem of availability of secondary data. In instances where 
this cannot be avoided (i.e. there is no available dataset at the local level and the CHNA project 
does not have the financial ability to collect the information as primary data), some usage of 
secondary data at larger area levels may need to be accepted to, at minimum, give an idea of the 
environment around the metric of choice. However, in many instances identified in this study, 
improper data levels were utilized when there were likely better options available.  
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For example, hospital system #1 utilized data at the county level in multiple instances, 
including for the assessment of rates of crime and food insecurity. While it is true that the 
hospital service area of some of the hospitals in system #1, particularly their flagship hospital, 
includes multiple counties, this is not the best level of data to use to assess the aforementioned 
constructs. The majority of hospital service areas does not follow county lines, and often will 
include some but not all towns in multiple counties. Commonly, this occurs with two to three 
counties, but for large services area hospitals this can include certain towns from as many as five 
to six counties.  These constructs also vary widely within counties.  
To illustrate this, we can look at rates of violent crime in the flagship city for hospital 
system #1. That city has some of the highest crime rates in the state, while a nearby town within 
the service area and in the same county has low rates of violent crime.  In summary, it would 
likely be more appropriate for the CHNA to utilize data at a more granular level, (town, zip code, 
or census tract) to effectively elucidate the landscape of violent crime within the service area. 
Alternatively, if this data cannot be procured, the hospital system could go the route of many 
other CHNA documents, which utilized the DataHaven CWS responses to perceived safety 
walking at night. This data is available at a granular level, and may in some ways give even more 
insight than objective data on crime rates, because it is perception of safety that will drive certain 
health behaviors like, for example, willingness to exercise in outdoor spaces. 
The above uses violence as an example, but the principles can be carried to many 
determinants that would benefit from more granular analysis. Food security, discussed above, is 
another metric deeply influenced by geography, so much so that stepping over town lines within 
the same county can drastically increase risk of food insecurity and thus greatly affect health. 
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Hospitals should make every effort to find appropriately granular secondary data for all included 
CHNA metrics.   
A final note on data levels is that it may not, of course, always be feasible to produce 
granular data from every town/zip code in a hospital service area. To continue with the above 
example, the flagship hospital for system #1 contains 85 zip codes. However, CHNA developers 
should still be thoughtful about the ways in which they report out summarized data. One 
technique identified in some of the CHNAs can be highlighted as a good practice. Several 
CHNAs (39%) reported out aggregate data that grouped together geographies with shared 
characteristics within the service area in some way. Often, this is in ‘rings’ around the city in 
which the hospital is located, or by town characteristics (urban/suburban/rural classification). 
This is a more practical and useful way to report out data because it gives a better idea of what is 
going on within the service area and is less likely to mask discrepancies in metrics within it. 
Even simply separating out the flagship city of the hospital is useful, because this is often home 
to the urban core of the service area and will suffer from socioeconomic disadvantages that affect 
health in ways not felt by the suburban towns around it. Another recommendation not explicitly 
seen in any CHNA would be to report out town groupings based on the “Five Connecticut’s” 
system, which uses income, poverty, and population density to classify all 169 towns as either 
Urban Core, Urban Periphery, Suburban, Rural, or Wealthy (Levy, 2015).   
Regarding the degree of collaboration between Connecticut’s hospitals and the state’s 
LHDs and health districts, only 52% of hospitals were found to work in an explicitly defined 
partnership of this kind. Another 48% of documents noted that LHDs gave some kind of 
qualitative input to their process, but were not explicit partners. Only one document (4%) failed 
to involve LHDs in any way. Achieving better collaboration between LHDs and ACHs on 
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CHNAs would be of benefit for several reasons. Health departments would benefit by gaining 
additional required qualifications for Public Health Accreditation Board (PHAB) accreditation. 
Hospitals would benefit by gaining valuable insight from a public health-centered perspective 
that is not always represented in hospital administration. And finally, the community would 
benefit from a richer end product that could avoid duplication of efforts. Therefore it is 
recommended that the remaining hospitals not already in a collaborative CHNA process make an 
effort to do so for future CHNA cycles. 
 The analysis found that health equity was being address with variable robustness across 
Connecticut CHNAs. While all documents used some form of implicit health equity language, 
only 70% discussed equity explicitly. Health equity should be a main frame that CHNAs are 
centered around, because the United States is a country with deep structural inequities that 
prevent many from achieving good health, and indeed because Connecticut is one of the worst 
offenders on inequity metrics. For example, the 2017 Gini index of income inequality places 
Connecticut as one of the worst of the states, second only to the state of New York (Population 
Reference Bureau, 2020). Fortunately, many CHNAs have already moved toward a social 
determinants of health framework, which is a good first step in tackling the nuanced problem of 
health inequity. Based on analysis, it would be beneficial for hospitals to model their treatment 
of health equity on the CHNA produced by ACH #8, which dedicates a section to discussing 
health equity in their service area, and for CHNA planning teams at all hospitals to utilize the 
resources and stepwise framework listed in that document, namely NASEM’s Communities in 
Action: Pathways to Health Equity and the Robert Wood Johnson Foundation’s What Is Health 
Equity? And What Difference Does a Definition Make? (Braveman, Arkin, Orleans, Proctor, & 
Plough, 2017; National Academies of Sciences Engineering and Medicine, 2017). 
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While equity issues are relevant to all the measurements in the DataHaven CWS, it is also 
recommended that CHNAs work to adopt some of the more revealing equity measures from the 
CWS for their towns and service area, including data on net worth, (“Suppose you and others in 
your household were to sell all of your major possessions (including your home), turn all of your 
investments and other assets into cash, and pay off all of your debts. Would you have something 
left over, break even, or be in debt?”) and data on perceptions of unfair treatment (“At any time 
in your life, have you ever been unfairly fired, unfairly denied a promotion or raise, or not hired 
for a job for unfair reasons? Have you ever been unfairly stopped, searched, questioned, 
physically threatened, or abused by the police? Have you ever received service from someone 
such as a plumber, car mechanic, or other service provider that was worse than what other people 
get? Have you ever been unfairly prevented from moving into a neighborhood because the 
landlord or a realtor refused to sell or rent you a house or apartment? When seeking health care, 
have you ever been treated with less respect or received services that were not as good as what 
other people get? What do you think is the main reason for these experiences?” (Abraham, 
2018a)). 
Based on the analysis, it is clear that vulnerable populations in Connecticut are not being 
adequately addressed in CHNA documents. Quantitative metrics are useful and should be 
included when available, including assessment of the total population in a service area of 
veterans, LGBTQ+ identifying residents, transgender identifying residents, foreign-born 
residents (immigrants, refugees, and the undocumented), residents with disabilities, linguistically 
isolated  individuals, and unhoused residents. However, it is not always possible to find 
quantitative data on these populations. For example, assessing the proportion of undocumented 
individuals is very difficult and can leave residents fraught with concern over how this 
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information will be used.  Because of these difficulties, it is recommended that all CHNAs adopt 
the tactic that several documents used, which is to dedicate qualitative data collections efforts to 
these groups.  Ideally, there would be an effort to create small focus groups with each of these 
vulnerable populations in every service area, and incorporate the qualitative data collected from 
these focus groups into the CHNA report. While it can be difficult to recruit participants for 
focus groups from vulnerable populations with small total numbers within the service area, it is 
encouraged that CHNA planning committees collaborate closely with community advocacy 
organizations which may be able to aid in this recruitment process via the strong relationships 
they have built within the community.  
The degree the hospitals used a community participatory approach was assessed through 
in-depth reading and qualitative coding of all methodology sections, and revealed mixed results. 
It is unfortunate that only 48% of CHNAs were able to incorporate community participation in 
the planning process, qualitative data collection, and the prioritization process, but there are 
valuable lessons that can be taken from those that did.  It is recommended that CHNA developers 
start off on a proper footing by forming a planning committee or task force that includes both lay 
community members and representatives from community-based organizations and other 
community stakeholders. From there, developers should collect qualitative data from community 
members, with a careful eye toward vulnerable populations, and should include community 
members in the prioritization process, which will ultimately direct resources to addressing 
significant health needs.  
Finally, the degree to which CHNAs treated community assets and deficits was assessed 
via qualitative coding. As described in the results, asset-based language was not utilized in all 
documents, and would represent a valuable paradigm shift for CHNA developers to work toward 
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achieving in future cycles. It is recommended that members of CHNA planning committees 
review the Healthcare for the Homeless Needs Assessment Toolkit as a part of their preparatory 
materials as a groundwork for the importance of asset-based ideological treatment of the 
community, and use that as a lens when making methodological changes for future CHNA cycles 
(Knopf-Amelung & Twilley, 2013). It is also recommended that all CHNAs include questions 
about perceived strengths and assets of the community in their qualitative data methods (key 
informant surveys, focus groups, and community forums), a practice that was only demonstrated 
in 39% of documents analyzed.  
Limitations:  
Inherently, qualitative coding is subject to some measurement bias, in that the researcher 
develops the coding structure somewhat subjectively. The full range of variables are not 
prescribed at the outset of the study and are instead developed iteratively according to what the 
coder finds to be important within the text. In an attempt to minimize this bias, the core values of 
public health were kept in mind when defining codes, and by applying the code structure 
uniformly once the final structure was set.  
Due to the small number of Connecticut hospitals and the decision to use the full census 
of CHNAs, it was determined to be infeasible to use statistical tests to compare CHNA 
performance based on hospital factors. Conversely, this can be considered a benefit; this was not 
possible in some of the statewide content analysis studies referenced in the introduction (Texas, 
California).  Despite the fact that statistical testing was not feasible, descriptive data on CHNA 
characteristics using raw percentages is still valuable. This analysis provides public health 
practitioners with baseline data as they work toward an improvement goal for this metric and 
identifying best practices for carrying out CHNAs in the future.  
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Conclusions: 
 CHNAs are a critical part of health improvement. They represent an actualization of the 
first of public health’s core functions: Assessment. One cannot begin to conceive effective 
interventions to address health problems without first having a robust understanding of 
community demographics, social determinants of health, and current distribution of health 
outcomes. Once that is understood, core issues can be listed, mapped, and prioritized.  Because 
of their great importance in the community health improvement process, it is critical to assure 
that CHNAs are not merely a box ticked on a checklist of federal requirements. The process of 
needs assessment should be given adequate resources, methodologies should be well thought out, 
and agencies should strive for high levels of community engagement and robust consideration of 
health equity.  
The knowledge gathered in this study can empower agencies to understand current best 
practices of CHNAs and know where they stand relative to other agencies. This will allow them 
to scrutinize their own practices and will encourage continuous quality improvement. This data 
should be used to guide and inform future iterations of these agencies’ CHNAs in order to better 
adhere to best practices and maximize the value of CHNA reports in Connecticut moving 
forward. By identifying which agencies do not employ adequate community involvement and by 
encouraging a participatory approach, this report may eventually lead to improved community 
ownership, which will drive innovation and participation with health improvement efforts. 
Similarly, by encouraging consideration of health equity, future CHNAs will be better equipped 
to help remedy disparities.  
An in-depth understanding of the variance in CHNA practices should also help inform 
the development of a high quality CHNA methodology for UConn Health, which does not 
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currently have a needs assessment but is in the process of developing one. Ultimately, it is hoped 
that improved understanding of Connecticut communities through a carefully optimized CHNA 
process will result in better community health improvement plans and better health outcomes for 
all residents. 
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Appendices 
Appendix A: Logic Model A 
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Appendix B: Logic Model B  
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Appendix C: Qualitative Code Lists with Sub-codes 
1. Robustness of Community Participation 
a. Participatory approach specified 
b. Any use community participatory team during the planning stage of the 
CHNA 
c. Community participation via qualitative data 
i. Any use of Key informant surveys or interviews 
ii. Any use of focus groups  
iii. Any use of community forums  
d. Community inclusion in prioritization of key issues 
2. Degree of Asset Based Approach 
a. Listing identification of community assets as a key goal of the CHNA process 
b. Discussion of strengths or assets of the community in the introduction or 
executive summary of the document  
c. Neighborhood Asset Index Scores from the Community Wellbeing Survey 
included for the area in question. 
d. Assessment of strength via qualitative data  
i. Specified inclusion of questions in key informant survey regarding the 
respondents perception of the strengths and assets or the community  
ii. Specified inclusion of questions posed to focus groups regarding the 
participants perception of the strengths and assets or the community 
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iii. Specified inclusion of questions posed in community forums regarding 
the participants perception of the strengths and assets or the 
community 
e. Dedicated section/paragraph for discussion of community assets 
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